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1
SENSOR DATA PROCESSING

RELATED APPLICATIONS

This application is a national phase application filed under
35 USC §371 of PCT Application No. PCT/GB11/51486
with an International filing date of Dec. 7, 2012 which claims
priority of EP Patent Application 10251463.5 filed Aug. 19,
2010 and GB Patent Application 1013870.9 filed Aug. 19,
2010. Each of these applications is herein incorporated by
reference in their entirety for all purposes.

FIELD OF THE INVENTION

The present invention relates to processing of sensor data.

BACKGROUND

Systems are available to autonomously gather high resolu-
tion visible band imagery over wide areas of terrain under
surveillance, and to process these images to detect objects of
potential interest.

However, if the scene under surveillance is complex, a
large number of potential targets may be identified, not all of
which are actually of interest. Those identified objects that are
not of interest are typically referred to as “clutter”.

A system may be made more complex to improve its ability
to reject clutter. However, there is an associated computa-
tional cost that may not be acceptable in a resource limited
system, for instance, in an airborne application.

A conventional alternative approach is to have a post detec-
tion phase of processing for clutter rejection, so that initial,
relatively crude discrimination is achieved by an initial detec-
tion stage, followed by more sophisticated discrimination at a
later clutter rejection stage. The clutter rejection process is
only applied to image regions of interest identified by the
detection phase, thus limiting the computational cost of this
phase.

Clutter rejection algorithms have been developed by a
number of investigators for different optical sensor applica-
tions. However, these systems make use of manual cues for a
target, or of differences between target and background size
and dynamics to reject clutter (and so tend not to be suitable
for autonomous sensor system capturing images at a low
frame rate). Other existing clutter rejection systems use large
amounts of data to determine the characteristics of clutter and
target objects that allow reliable discrimination to occur (and
so tend to need large amounts of training data, and/or time
consuming algorithm training or re-training to accommodate
different operating environments).

SUMMARY OF THE INVENTION

In a first aspect, the present invention provides a method of
processing sensor data, the method comprising: (i) using a
sensor, measuring values of a parameter over a region of
interest to produce an image of the region of interest, the
image comprising a plurality of pixels; (ii) for each pixel,
determining an orientation of a gradient of the parameter, at
that pixel, using the measured parameter values; (iii) for each
of a plurality of predetermined ranges of gradient orientation
values, determining a number of pixels that have a gradient
orientation value within that range; (iv) identifying the pre-
determined ranges that correspond to a number of pixels
above a threshold value; and (v) for each identified predeter-
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mined range, identifying as corresponding to a feature of an
object, pixels that have gradient orientation values within that
predetermined range.

The threshold value may be determined using the follow-
ing formula:

Teor MotV Heon

where:

Txzox 18 the threshold value;

Uzoz 18 an expected number of pixels per predetermined
range, if the region of interest comprised only a random
noise field; and

1M, is a predetermined confidence level.

The method may further comprise: for each pixel, deter-
mining a value for a magnitude of a gradient of the parameter,
at that pixel, using the measured parameter values; wherein
steps (iii)-(v) are only performed for pixels having gradient
magnitude values greater than a gradient magnitude thresh-
old.

The gradient magnitude threshold may be derived from 5>
statistics of the square of a standard deviation of the param-
eter over the region of interest.

The gradient magnitude threshold may be determined
using the following formula:

303
T =24

16 X0.99

where:

T, is the gradient magnitude threshold;

O is an estimate of the standard deviation of the parameter

over the region of interest; and

Yo.00- 18 the 99% point for a Chi-squared distribution with

2 degrees of freedom.

A first pixel having a gradient orientation value in a first
predetermined range, the first predetermined range compris-
ing a number of pixels above the threshold value, may be
identified as corresponding to a different feature of the object
that a second pixel corresponds to, the second pixel having a
gradient orientation value in a second predetermined range,
the second predetermined range comprising a number of pix-
els above the threshold value, if there is a third predetermined
range between the first predetermined range and second pre-
determined range, the third predetermined range not compris-
ing a number of pixels above the threshold value.

The method may further comprise determining a number
of different object features.

The method may further comprise identifying the object as
an object of interest using the determined number of object
features.

The features of the object may be edges of the object.

A size of a predetermined range may be determined using
the following formula:

oc
BinSize ~ 4 —
G

where:
BinSize is the size of a predetermined range;
G is the mean value of the gradient magnitude values that
exceed the gradient magnitude threshold; and
O 1s the standard deviation of G.
The method may further comprise a performance assess-
ment process, the performance assessment process compris-
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ing estimating an average number of object features that
exceed the threshold as a function of object contrast and size.

In a further aspect, the present invention provides appara-
tus for processing sensor data, the apparatus comprising: a
sensor for measuring values of a parameter over a region of
interest to produce an image of the region of interest, the
image comprising a plurality of pixels; and one or more
processors arranged to: for each pixel, determine a value for
an orientation of a gradient of the parameter, at that pixel,
using the measured parameter values; for each of a plurality
of'predetermined ranges of gradient orientation values, deter-
mine a number of pixels that have a gradient orientation value
within that range; identify the predetermined ranges that cor-
respond to a number of pixels above a threshold value; and for
each identified predetermined range, identify as correspond-
ing to a feature of an object, pixels that have gradient orien-
tation values within that predetermined range.

In a further aspect, the present invention provides an air-
craft comprising apparatus according to the above aspect.

In a further aspect, the present invention provides a pro-
gram or plurality of programs arranged such that when
executed by a computer system or one or more processors
it/they cause the computer system or the one or more proces-
sors to operate in accordance with the method of any of the
above aspects.

In a further aspect, the present invention provides a
machine readable storage medium storing a program or at
least one of the plurality of programs according to the above
aspect.

BRIEF DESCRIPTION OF THE DRAWINGS

FIG.11s a schematic illustration (not to scale) of an aircraft
that will implement an embodiment of a target detection and
processing algorithm;

FIG. 2 is a schematic illustration of a scenario in which the
aircraft will be used to implement the embodiment of the
target detection and processing algorithm;

FIG. 3 is a process flow chart showing certain steps of an
embodiment of the target detection and processing algorithm;

FIG. 4 is a process flow chart showing certain steps of
clutter rejection algorithm performed at step s4 of the target
detection and processing algorithm;

FIG. 5 is a schematic illustration (not to scale) of an Edge
Orientation Histogram; and

FIG. 6 is a schematic illustration (not to scale) showing a
peak rejection threshold applied to the Orientation Histo-
gram.

DETAILED DESCRIPTION

FIG.11s a schematic illustration (not to scale) of an aircraft
2 that will implement an embodiment of a target detection and
processing algorithm (described in more detail later below
with reference to FIG. 3).

In this embodiment, the aircraft 2 is an unmanned aircraft.
The aircraft 2 comprises a sensor 4 and a processor 5.

In this embodiment, the sensor 4 is a camera. As the aircraft
2 flies over an area of terrain, the sensor 4 is arranged to
capture high resolution visible band images of the area of
terrain, as described in more details later below with refer-
ence to FIG. 2. The sensor 4 is coupled to the processor 5.

In this embodiment, data corresponding to the images cap-
tured by the sensor 4 is sent from the sensor 4 to the processor
5. The processor performs the target detection and processing
algorithm (described in more detail later below with reference
to FIG. 3) on the received data.
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FIG. 2 is a schematic illustration of a scenario in which the
aircraft 2 will be used to implement the embodiment of the
target detection and processing algorithm.

In this scenario, the aircraft 2 flies over the area of terrain 6.

In this scenario, the area of terrain 6 comprises a target 10
to be detected by the aircraft 2 using the target detection and
processing algorithm, and a plurality of objects and/or terrain
features from which the target is to be distinguished. The
plurality of objects and/or terrain features will hereinafter be
referred to as “the objects” and are indicated in FIG. 2 by
reference numeral 8.

In this scenario, the target 10 is a man-made object. Also,
the target 10 is moveable over the terrain. For example, the
target 10 is a car, tank, or other land-based vehicle.

In this scenario, the objects 8 are not man-made objects.
For example, the objects are trees or other naturally occurring
objects or terrain features.

As the aircraft 2 flies over the area of terrain 6, the sensor 4
gathers high resolution visible band images of the area of
terrain 6. In this scenario, the images are conventional grey-
scale images.

The processor 5 implements the target detection and pro-
cessing algorithm (described in more detail later below with
reference to FIG. 3) on data corresponding to the images
gathered by the sensor 4 as described. In this scenario, the
target detection and processing algorithm is implemented to
facilitate the detection and tracking of the target 10 by the
aircraft 2.

In addition to the above described features, FIG. 2 shows
three “regions of interest” (indicated by a dotted lines and the
reference numeral 12). The regions of interest will be
described in more detail later below with reference to FIG. 3.

FIG. 3 is a process flow chart showing certain steps of this
embodiment of the target detection and processing algorithm
100.

At step s2, the processor 5 performs a region of interest
detection process on the data received from the sensor 4. The
region of interest detection algorithm is a conventional algo-
rithm. In this embodiment, the region of interest detection
algorithm implements relatively crude discrimination to
identify one or more regions of the area of terrain 6 in which
the target 10 may be present (i.e. the regions of interest 12
shown in FIG. 2).

At step s4, for each region of interest 12 identified at step s2
above, the processor 5 performs a clutter rejection algorithm.
The clutter rejection algorithm is described in more detail
later below with reference to FIG. 4. In this embodiment, the
clutter rejection algorithm identifies objects and labels each
identified object as “man-made” or “clutter”.

At step s6, further conventional processing steps are per-
formed on the objects labelled as “man-made” in step s4.
Such further processing steps may be implemented for the
purposes of e.g. target recognition, target tracking etc.

FIG. 4 is a process flow chart showing certain steps of
clutter rejection algorithm performed at step s4 of the target
detection and processing algorithm 100. The clutter rejection
algorithm performed is described as being performed for a
single region of interest 12. However, in operation the clutter
rejection algorithm is performed for each region of interest 12
identified at step s2 above.

At step s8, for each pixel in a single region of interest 12 a
magnitude of the gradient of the greyness of the image, and a
direction of the gradient of the greyness of the image, are
determined. In this embodiment, the terminology “greyness”
is used to refer to the intensity of the image.

In this embodiment, the gradient of the greyness at a pixel
is determined using greyness levels at pixels neighbouring the
pixel of interest. A direction of the gradient is determined
using values for gradients of the greyness over the pixel of
interest in X and y directions.
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In this embodiment, step s8 is performed using conven-
tional techniques, for example by applying an image gradient
operator to the region of interest 12 e.g. by applying vertical
and horizontal Sobel operators to the region of interest 12.

The determined gradient magnitude and gradient direction
at each pixel is hereinafter referred to as an “edgel”.

At step s10, a value of a background grey level standard
deviation in the region of interest 12 is estimated. In this
embodiment step s10 is performed using conventional tech-
niques. The estimated background grey level standard devia-
tionis a single value for the whole of the region of interest that
indicates how greyness changes over the whole image.

At step s12, an image gradient threshold is determined.

In this embodiment, the image gradient magnitude thresh-
old is derived from % statistics of the square of the back-
ground grey level standard deviation (estimated at step s10
above). In this embodiment, the image gradient magnitude
threshold T, is determined using the following formula:

2
30p ,

T = g X090

where:

Oy is the estimate of the background grey level standard

deviation for the region of interest 12; and

Yo.00° 1S the 99% point for a Chi-squared distribution with

2 degrees of freedom.

At step s14, the image gradient magnitude threshold T,
determined at step s12 is applied to the edgels determined at
step s8. In this embodiment, edgels having a gradient value
less than the image gradient magnitude threshold T, are
rejected. This process of rejecting edgels less than the image
gradient magnitude threshold tends to remove edgels that
may be dueto random variation in the region if interest 12, i.e.
due to background effects and not due to the presence of an
object.

At step 516, a histogram is formed of the edgels that have a
gradient magnitude exceeding the image gradient magnitude
threshold T, i.e. the edgels not rejected at step s14. This
histogram is hereinafter referred to as the Edge Orientation
Histogram (EOH).

In this embodiment, the bin size of the EOH is matched to
the variation in the edgel orientation due to image noise given
the expected effect of noise on an estimate of gradient orien-
tation made at step s8 using, for example, a Sobel Operator. In
this embodiment, the bin size of the EOH is determined using
the following formula.

e e
BinSize = 4o'y x 4?

where:

0, is the standard deviation in the estimated edgel orienta-
tion g;

G is the mean gradient of the edgels that have a gradient
magnitude exceeding the image gradient magnitude
threshold T,; and

O is the standard deviation of G. In this embodiment, o
is calculated using the following formula:

30%
oh = U—z%I/ﬁx = 1—68
where:
05z, 1s the expected standard deviation of the gray gradient
estimate.
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FIG. 5 is a schematic illustration (not to scale) of an Edge
Orientation Histogram (EOH) 102 for this embodiment.

At step 518, the expected number of votes per histogram
bin, if the region of interest 12 being processed comprised
only a random noise field, is determined.

In this embodiment, the standard deviation of the random
noise filed is equal to that measured for the image (i.e. Op
determined at step s10). This value of the expected number of
votes per histogram bin is hereinafter referred to as the EOH
noise floor.

In this embodiment, the EOH noise floor is determined
using the following information.

The distribution of random votes in the EOH 102 due to
edgels generated by background noise is uniform between
-179 and +180 degrees.

Therefore, the probability density function of this distribu-
tion is flat with a mean value of Y360=0.0028.

Therefore, the probability of an edgel voting in a bin at
random is:

P(one edgel in bin)=pdf mean*BinSize

where:

pdf_mean is 0.0028 as mentioned above; and

BinSize is as determined at step s16 above.

Therefore, the number of pixels required to ensure at least
on random vote in a bin is:

1

Npi bin)z —— ~
ppix(one per bin) P(one edgel in bin)

Thus, the mean number of random votes per bin is:

. Npixels
Mean(votes_per bin) = —————
Npix(one per bin)
= Npixels = P(one edgel in bin)
_ Npixels
" Nbins

where Npixels is the total number of pixels in the region of
interest 12 being processed, and Nbins is the number of bins.

Inthis embodiment, it is assumed that random voting in the
bins of the EOH 102 is a Poisson process. Therefore, the
variance of the number of random votes per bin is equal to the
mean number of random votes per bin, i.e.

Variance(votes_per_bin)=Mean(votes_per_bin)

The EOH noise floor iz, is determined using the follow-
ing formula:

Hzom=Mean(votes_per_bin)+n,
Mean(votes_per_bin)

where 1), is the confidence level for rejecting random votes.

At step 519, a threshold for rejecting a peak in the EOH 102
that has been caused by chance (i.e. random noise), rather
than the presence of an object edge, is determined. This
threshold is hereinafter referred to as the “peak rejection
threshold”. In this embodiment, the peak rejection threshold
is determined using the following formula:

Teor MotV Heon

where:
Trzox 15 the EOH peak rejection threshold at the 1,0 con-
fidence level;
Wzoz 1s the EOH noise floor determined at step s18; and
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1M, is arequired confidence level. In this embodiment, 1, is
a user-specified confidence level. Also, in this embodi-
ment the value of 1), is 2. This value corresponds to a
confidence level of approximately 95%. However, in
other embodiments, different values of 1, are used. For
example, a value of 3 may be used for n,. A value of 3
corresponds to a confidence level of approximately
99%.

At step 520, the peak rejection threshold T, 1s applied to
the EOH 102.

FIG. 6 is a schematic illustration (not to scale) showing the
peak rejection threshold T, applied to the EOH 102.

At step 522, the number of peaks of the EOH 102 that
exceed the peak rejection threshold T, are counted. In this
embodiment, there are three peaks of the EOH 102 that
exceed the peak rejection threshold T, These peaks are
indicated in FIG. 6 by the reference numerals 104, 106, and
108.

The terminology “peak” is used herein to refer to a group of
predetermined ranges that satisfies the following criteria.
Firstly, each predetermined range in the group has a number
of pixels above a threshold value. Secondly, if the group
comprises more than one predetermined range, each prede-
termined range in that group is contiguous with (i.e. is directly
adjacent to) at least one other predetermined range in that
group.

At step s24, if the number of peaks 104, 106, 108 of the
EOH 102 that exceed the peak rejection threshold T, (i.e.
the number of peaks counted at step s22) greater than or equal
to a user defined threshold, then the object in the region of
interest 12 being processed is labelled as “man-made”. In
other words, the object in the region of interest 12 being
processed is identified as the target 10.

Also, in this embodiment, if the number of peaks 104, 106,
108 of the EOH 102 that exceed the peak rejection threshold
Trzoz 18 less than a user defined threshold, then the object in
the region of interest 12 being processed is labelled as “clut-
ter”. In other words, the object in the region of interest 12
being processed is labelled as an object 8 that is of no interest
to the user.

In this embodiment, the user-defined threshold for the
number of peaks exceeding the peak rejection threshold Tz,
is 3. Thus, the edges identified in the region of interest 12
corresponding to the EOH 102 shown in FIGS. 5 and 6 are
determined to belong to the target 10. In other embodiments,
a different value for the threshold for the number of peaks
exceeding the peak rejection threshold T,z is used. For
example, a stricter test would require that 4 peaks exceed the
peak rejection threshold T, for the object to be identified as
man-made (i.e. the target 10).

In other embodiments, step s24 may be performed in a
different manner. For example, in other embodiments step
$24 may be performed as follows.

Firstly, it is determined how many peaks exceeding the
peak rejection threshold T, contain a sufficient number of
pixels to be consistent with the physical size of the man-made
objects of interest. This test may be derived from a known
pixel footprint size and the physical size of the man-made
objects of interest.

Secondly, it is determined if the number of peaks identified
in the first step (above) is greater than or equal to a user-
specified threshold. If the number of identified peaks is
greater than this user-specified threshold, then the object is
labelled as “man-made”. Otherwise, it is labelled as “clutter”.

Thus, a target detection and processing algorithm compris-
ing a clutter rejection algorithm is provided.
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An advantage provided by the above described processes is
that relatively high processing efficiency tends to be pro-
vided. Thus, it tends to be possible to process a large number
of reports from the detection stage (step s2) in real-time.

A further advantage is that good discrimination perfor-
mance tends to provided. Thus, it tends to be provided that
further processing steps (step s6) are only performed on
objects of interest (e.g. the target 10) only and very few clutter
objects 8.

A further advantage is that reliable and robust performance
tends to be provided. The overall system tends to behave in a
reliable way at runtime.

A further advantage is that performance that can tends to
able to be readily modelled to allow overall system design to
be optimised without exhaustive experimentation.

A further advantage is that the need for large amounts of
training data, and/or time consuming algorithm training or
re-training to accommodate different operating environments
tends to be avoided. In other words, the above described
algorithms tend to be easy to train compared to conventional
approaches.

A further advantage is that any tuning to optimise discrimi-
nation performance tends to be relatively easy to perform
compared to conventional approaches. Preferably, this would
be performed automatically, without requiring large training
sets or a lot of manual intervention.

The above described approach advantageously tends to
exploit the tendency for man-made objects to contain a rela-
tively large numbers of straight lines (both on and within the
boundary of the object), irrespective of the direction that they
are observed from. Hence, the measured edgel content, i.e.
the pixels where the image gray level gradient content is high,
of the input image is advantageously used to discriminate
between the man-made and clutter objects on the basis of an
edge content measure. This approach advantageously tends to
avoid or eliminate the need for large amounts of clutter and
target training data as the decision threshold is determined
from general expectations regarding the number of lines and
edges on a man-made object. For example, a large class of
man-made objects of interest are broadly cuboid in shape,
which provides some expectation of the number of observ-
able lines/edges in an image, their relative orientation and,
assuming object size is known, the expected number of edgels
per line.

A further advantage provided by the above described pro-
cesses is that a statistical confidence level, rather than an
absolute threshold, is used as the peak rejection threshold.
Thus, the technique tends to adapt to variability in an image
rather than being a fixed value.

Apparatus, including the processor 5, for implementing the
above arrangement, and performing the above described
method steps, may be provided by configuring or adapting
any suitable apparatus, for example one or more computers or
other processing apparatus or processors, and/or providing
additional modules. The apparatus may comprise a computer,
anetwork of computers, or one or more processors, forimple-
menting instructions and using data, including instructions
and data in the form of a computer program or plurality of
computer programs stored in or on a machine readable stor-
age medium such as computer memory, a computer disk,
ROM, PROM etc., or any combination of these or other
storage media. Moreover, any number of these elements of
the apparatus may be on-board or remote from the aircraft 2.

It should be noted that certain of the process steps depicted
in the flowcharts of FIGS. 3 and 4 and described above may be
omitted or such process steps may be performed in differing
order to that presented above and shown in the Figures. Fur-
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thermore, although all the process steps have, for convenience
and ease of understanding, been depicted as discrete tempo-
rally-sequential steps, nevertheless some of the process steps
may in fact be performed simultaneously or at least overlap-
ping to some extent temporally.

In the above embodiments, an unmanned aircraft imple-
ments the above described target detection and processing
algorithm. However, in other embodiments the algorithm
may be implemented for a different type of vehicle or other
entity that may be moving/moveable or stationary. For
example, in other embodiments the target detection and pro-
cessing algorithm may be implemented for a manned aircraft,
a land-based vehicle (e.g. a car or tank), or from a building.

In the above embodiments, the sensor is a camera arranged
to gather visible-band greyscale images. However, in other
embodiments the sensor may be a different type of sensor
and/or may be arranged to gather a different type of image.
For example, in other embodiments, the sensor may be an
infra-red camera, or a laser scanner arranged to measure
distances from the scanner to the terrain.

In the above embodiments, the target detection and clutter
rejection algorithms are implemented in the scenario
described above with reference to FIG. 2. However, in other
embodiments the algorithms may be implemented in any
appropriate scenario to detect a target and/or reject or reduce
clutter. Furthermore, the particular scenario in which the
algorithms are implemented comprises a single target and a
plurality of clutter objects. However, in other scenarios there
may be any number of targets and/or any number of clutter
objects.

In the above embodiments, the target is a man-made object
that is moveable over the terrain. Also, the clutter objects are
stationary non-man-made objects. However, in other embodi-
ments the target may be a different type of target e.g. a
stationary man-made object (e.g. a building). Also, in other
embodiments one or more of the clutter objects may be a
different type of object e.g. a moving non-man-made object
(e.g. an animal). Furthermore, in other embodiments, the
target may be a non man-made object. Also, the clutter objects
(i.e. objects that are not of interest to the user) may be man-
made. In embodiments in which a target is non-man-made,
and clutter objects are man-made, the target may, for
example, be identified by being an object corresponding to an
EOH having a number of peaks above the peak rejection
threshold that is below the user specified threshold of step
s24.

In the above embodiments, the image gradient magnitude
threshold is determined using the formula specified at step
s12. However, in other embodiments the image gradient mag-
nitude threshold is specified differently, e.g. using a different
appropriate formula.

In the above embodiments, the bin size of the Edge orien-
tation Histogram is determined using the formula specified at
step s16. However, in other embodiments the bin size is
specified differently, e.g. using a different appropriate for-
mula.

In the above embodiments, the noise floor for the Edge
orientation Histogram is determined using the formula speci-
fied at step s18. However, in other embodiments the noise is
specified differently, e.g. using a different appropriate for-
mula.

In the above embodiments, the peak rejection threshold is
determined using the formula specified at step s19. However,
in other embodiments the peak rejection threshold is specified
differently, e.g. using a different appropriate formula.

In the above embodiments, the threshold that is applied to
the number of peaks of the EOH exceeding the peak rejection

10

15

20

25

30

35

40

45

50

55

60

65

10

threshold (applied at step s24 above) is a user specified
threshold. However, in other embodiments this threshold may
be specified in a different way. For example, this threshold
may be a result of a different process (e.g. a computer pro-
cess) that may be separate to the above described target detec-
tion and/or clutter rejection algorithms. Also, in other
embodiments this threshold may be applied in a different way.
For example, in other embodiments an object may be classi-
fied as:

(1) “man-made” if the number of peaks exceeding the peak
rejection threshold is greater than the specified threshold;

(i) “clutter” if the number of peaks exceeding the peak
rejection threshold is less than the specified threshold; or

(ii1) “unknown” if the number of peaks exceeding the peak
rejection threshold is equal to the specified threshold.

In other embodiments, an additional optional performance
assessment process may be performed to advantageously
assess the performance of the target detection and processing
algorithm. In an example performance assessment process,
some or all of the above equations for specifying the image
gradient magnitude threshold, the noise floor, and the peak
rejection threshold can be used in a simulation to predict the
EOH noise floor and detection threshold as a function of
different object contrast values for a specified image noise
level. A Monte Carlo simulation can then be used to predict an
average number of image edges/lines that exceed the EOH
detection threshold as a function of object contrast and size.
This advantageously tends to allow the minimum object size
for reliable classification to be predicted. This, in turn, tends
to allow a sensor system to be specified that allows a required
level of clutter classification to be achieved.

In the above embodiments, a target is identified based on
the number of identified straight edges in a region of interest.
However, in other embodiments, other properties of the iden-
tified edges within an image may be used to classify objects.

For example, the achieved man-made and clutter object
labelling performance may be improved by analysing the
relative orientation of significant peaks in the EOH, e.g. by
looking for evidence of significant parallel lines and right
angles (features of this type tend to be characteristic of man-
made objects).

In other embodiments, the angular separation between
pairs of peaks in the edge orientation histogram (i.e. the
difference between the orientation of the gradient corre-
sponding to the pixels in a first peak and the orientation of the
gradient corresponding to the pixels in a second peak) is
analysed to determine the presence of parallel lines pairs or
line pairs corresponding to right angle corners. An object is
then declared as being man-made if the number of right
angles and/or straight lines in an image is above a predefined
threshold.

Furthermore, in other embodiments the distortion of right
angles and parallel lines within an image (e.g. due to image
perspective) is advantageously accounted for. For example,
rather than detecting the presence of 90 degree orientation
differences between peaks, a different angular orientation
difference is detected for, e.g. an angular difference that cor-
responds to a right angle under the perspective distortion that
the image is subject to. This perspective distortion may be
determined is any appropriate way, e.g. using standard tech-
niques applied to sensor pointing data, or from standard
analysis applied to the image.

Furthermore, in other embodiments if there are three or
more peaks in the edge orientation histogram, the above
described technique may be advantageously used to test for
the presence of a pair of lines at right angles in the horizontal
plane and also a pair of right angle lines in the vertical plane.
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Thus, the presence of a three dimensional corner in the region
of interest may be detected. The presence of such a feature
tends to be a particularly strong indicator of the presence of a
man-made object.

For the purposes of clarity and ease of understanding, in the
above embodiments the target detection and processing algo-
rithm has been described in terms of histograms and thresh-
olds applied to said histograms. However, in other embodi-
ments, one or more different types
representations of data are used instead of or in addition to a
histogram during the performance of the algorithm. Also, in
other embodiments, the target detection and processing algo-
rithm is performed without explicitly generating or producing
a histogram or other graphical representation of data.

What is claimed is:

1. An automated method of processing sensor data, the

method comprising:

(1) using a sensor to measure values of a parameter over a
region of interest to produce an image of the region of
interest, the image having a plurality of pixels, a sensor
electronic transmitter device connected to said sensor
and receiving said values of a parameter from said sen-
sor, said sensor electronic transmitter device sending
digital values of said parameter for each said pixel of
each said image to a memory of one or more processors,
said memory storing said digital values of said pixels of
said image for processing in real time, said one or more
processors performing the steps of:

(ii) for each pixel, determining an orientation of a gradient
of the parameter, at that pixel, using the measured
parameter values;

(iii) for each of a plurality of predetermined ranges of
gradient orientation values, determining a number of
said pixels that have a gradient orientation value within
that range;

(iv) determining a number of groups of predetermined
ranges, wherein each group of predetermined ranges is
determined such that it satisfies a criteria that:

for each predetermined range in that group, a number of
said pixels that have a gradient orientation value within
that range is above a threshold value;

if that group contains more than one predetermined range,
each predetermined range in that group is contiguous
with at least one other predetermined range in that
group; and

for each group, the one or more predetermined ranges in
that group are not contiguous with any of the predeter-
mined ranges in a different group; and

(v) using the determined the number of groups, discrimi-
nating between the presence of a man-made object and
clutter in the image; wherein

anobject in the region of interest is labeled as man-made if the
number of groups is greater than or equal to a further thresh-
old, and is otherwise labeled as clutter.

2. A method according to claim 1, wherein the threshold

value is determined using a formula:

Teor Meort™M2VHeon

where:

Troz 18 the threshold value;

Uzozr 18 an expected number of pixels per predetermined
range, if the region of interest contained only a ran-
dom noise field; and

1M, is a predetermined confidence level.
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3. A method according to claim 1, comprising:

for each pixel, determining a value for a magnitude of a
gradient of the parameter, at that pixel, using the mea-
sured parameter values; wherein

steps (iii)-(v) are only performed for pixels having gradient
magnitude values greater than a gradient magnitude
threshold.

4. A method according to claim 3, wherein a size of a

predetermined range is determined using a formula:

oc
BinSize ~ 4 —
G

where:
BinSize is a size of a predetermined range;
G is a mean value of the gradient magnitude values that
exceeds the gradient magnitude threshold; and
O is the standard deviation of G.

5. A method according to claim 3, wherein the gradient
magnitude threshold is derived from %> statistics of a square
of a standard deviation of the parameter over the region of
interest.

6. A method according to claim 5, wherein the gradient
magnitude threshold is determined using a formula:

302
7 =208 2

16 X099

where:
T, is the gradient magnitude threshold;
Oj is an estimate of the standard deviation of the param-

eter over the region of interest; and
%0.90 1S @ 99% point for a Chi-squared distribution with
2 degrees of freedom.

7. A method according to claim 1, comprising:

for each pair of groups of predetermined ranges, determin-
ing a difference between the orientation of the gradient
of the parameter of the pixels in a first group of a pair of
groups and the orientation of the gradient of the param-
eter of the pixels in a second group of the pair of groups,
wherein

the discriminating between the presence of a man-made
object and clutter in the image uses the determined dif-
ferences.

8. A method according to claim 7, comprising:

determining the number of pairs of groups for which the
determined difference in orientation is equal to a right
angle; wherein the discriminating between the presence
of a man-made object and clutter in the image uses the
determined number of pairs of groups for which the
determined difference in orientation is equal to a right
angle.

9. A method according to claim 7, comprising:

determining the number of pairs of groups for which the
determined difference in orientation is equal to a straight
line; wherein

the discriminating between the presence of a man-made
object and clutter in the image uses the determined num-
ber of pairs of groups for which the determined differ-
ence in orientation is equal to a straight line.

10. A method according to claim 1, wherein each predeter-

mined range is a bin of a histogram; and

each group of predetermined ranges includes a peak of the

histogram, the peak being above the threshold value.
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11. A method according to claim 1, comprising:

a performance assessment process, the performance
assessment process including estimating an average
number of object features that exceed the threshold
value as a function of object contrast and size.

12. Apparatus for processing sensor data, the apparatus

comprising:

a sensor for measuring values of a parameter over a region
of interest to produce an image of the region of interest,
the image having a plurality of pixels; and

a sensor electronic transmitter device connected to said
sensor and receiving said values of a parameter from
said sensor, said sensor electronic transmitter device
sending digital values of said parameter for each said
pixel of each said image to a memory of one or more
processors, said memory storing said digital values of
said pixels of said image for processing in real time;

said one or more processors arranged to:

for each pixel, determine an orientation of a gradient of the
parameter, at that pixel, using the measured parameter
values;

for each of a plurality of predetermined ranges of gradient
orientation values, determine a number of said pixels
that have a gradient orientation value within that range;

determine a number of groups of predetermined ranges,
wherein each group of predetermined ranges is to satisty
a criteria that:

for each predetermined range in that group, the number of
said pixels that have a gradient orientation value within
that range is above a threshold value;

if that group comprises more than one predetermined
range, each predetermined range in that group is con-
tiguous with at least one other predetermined range in
that group; and

for each group, the one or more predetermined ranges in
that group are not contiguous with any of the predeter-
mined ranges in a different group; and

using the determined the number of groups, discriminate
between presence of a man-made object and clutter in
the image; wherein

an object in the region of interest is labeled as man-made if
the number of groups is greater than or equal to a further
threshold, and is otherwise labeled as clutter.

13. An aircraft comprising the apparatus according to claim

12.
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14. An automated machine readable storage medium stor-
ing in a non-transitory medium a program or a plurality of
programs for causing a computer to execute a method which
comprises:

(1) using a sensor to measure values of a parameter over a
region of interest to produce an image of the region of
interest, the image having a plurality of pixels, a sensor
electronic transmitter device connected to said sensor
and receiving said values of a parameter from said sen-
sor, said sensor electronic transmitter device sending
digital values of said parameter for each said pixel of
each said image to a memory of one or more processors
of said computer, said memory storing said digital val-
ues of said pixels of said image for processing in real
time, said one or more processors performing the steps
of:

(i1) for each pixel, determining an orientation of a gradient
of the parameter, at that pixel, using the measured
parameter values;

(i) for each of a plurality of predetermined ranges of
gradient orientation values, determining a number of
said pixels that have a gradient orientation value within
that range;

(iv) determining a number of groups of predetermined
ranges, wherein each group of predetermined ranges is
determined such that it satisfies a criteria that:

for each predetermined range in that group, a number of
said pixels that have a gradient orientation value within
that range is above a threshold value;

if that group contains more than one predetermined range,
each predetermined range in that group is contiguous
with at least one other predetermined range in that
group; and

for each group, the one or more predetermined ranges in
that group are not contiguous with any of the predeter-
mined ranges in a different group; and

(v) using the determined the number of groups, discrimi-
nating between the presence of a man-made object and
clutter in the image; wherein

an object in the region of interest is labeled as man-made if
the number of groups is greater than or equal to a further
threshold, and is otherwise labeled as clutter.
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